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Abstract
Background Extensive evidence suggests that dyslipidemia is associated with endothelial dysfunction, oxidative 
stress, and inflammation, all of which can contribute to kidney dysfunction. The atherogenic index of plasma (AIP) 
is a novel marker of lipid metabolism disorder, but its role in kidney dysfunction in diabetic individuals remains 
controversial. This study aims to clarify the association of AIP with kidney dysfunction in diabetic individuals.

Methods This cross-sectional study analyzed a representative sample of participants aged 20 years and older 
from the United States (n = 2,386, NHANES 2007–2018) and Korea (n = 698, KNHANES 2012). Weighted multivariate 
logistic regression analyses and smoothed curve fitting were conducted to investigate the relationship between 
logarithmically transformed AIP (lgAIP) and multiple kidney dysfunction, including albuminuria and low estimated 
glomerular filtration rate (eGFR) in diabetic individuals. Additionally, we conducted interaction analyses and subgroup 
analyses to assess whether this relationship remained consistent across different populations. We utilized receiver 
operating characteristic (ROC) curves to assess and compare the diagnostic performance of AIP and other lipid 
indices for kidney dysfunction.

Results In both databases, higher lgAIP was significantly associated with the occurrence of albuminuria in diabetic 
individuals (NHANES: OR = 7.69, 95%CI: 2.90–20.40; KNHANES: OR = 6.00, 95%CI: 1.05–34.36) in the fully adjusted 
model. However, the OR (95% CI) for the association between lgAIP and low-eGFR was 1.22 (0.33, 4.53) in the 
NHANES database and 2.50 (0.16, 38.62) in the KNHANES database, indicating no statistically significant association. 
Subgroup analysis revealed that the association between lgAIP and albuminuria in diabetic individuals was 
influenced by age and BMI stratification in the NHANES database, and by BMI stratification in the KNHANES database 
(p for interaction < 0.05). Compared to other lipid indicators, AIP appears to be more precise and discriminatory in 
predicting albuminuria in diabetic individuals.
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Introduction
Diabetes mellitus (DM) is a critical global health chal-
lenge and one of the leading causes of mortality and dis-
ability worldwide. According to recent estimates, the 
global prevalence of diabetes reached 529 million cases in 
2021, with projections suggesting an increase to 1.31 bil-
lion by 2050 [1]. Diabetes-related kidney disease, a severe 
complication of diabetes, affects approximately 20–40% 
of diabetic individuals during their lifetime [2]. Evidence 
indicates that factors such as estimated glomerular fil-
tration rate (eGFR) and albuminuria are associated with 
an elevated risk of cardiovascular mortality in individu-
als with diabetes [3]. Previous studies have consistently 
identified dyslipidemia as a key risk factor for the devel-
opment of kidney dysfunction in diabetic individuals [4]. 
Moreover, the progression of Diabetes-related kidney 
disease is often characterized by significant disruptions 
in lipid metabolism, including abnormalities in triglycer-
ides (TG), cholesterol, sphingolipids, phospholipids, lipid 
droplets, and bile acids [5]. The identification of potential 
lipid biomarkers associated with the onset and progres-
sion of kidney dysfunction in diabetic individuals offers 
significant potential for improving prevention and treat-
ment strategies.

The atherogenic index of plasma (AIP) was proposed by 
Dobiásová and Frohlich in 2001 as a reliable indicator of 
cardiovascular risk [6]. AIP is calculated as the logarith-
mic ratio of TG to high-density lipoprotein cholesterol 
(HDL-C), using the formula AIP = log (TG/HDL-C). The 
free fatty acids derived from TG hydrolysis can accumu-
late in peripheral tissues, including the liver, muscle, and 
pancreas, leading to lipid toxicity. This accumulation may 
induce inflammation, oxidative stress, and endoplasmic 
reticulum stress, ultimately contributing to insulin resis-
tance. HDL-C is a lipoprotein particle rich in both lipids 
and proteins, with antioxidant and anti-inflammatory 
properties [7]. AIP, which reflects the balance between 
pro-atherosclerotic and anti-atherosclerotic lipids, as 
well as the size of lipoprotein particles relative to the 
esterification rate of cholesterol, offers a more compre-
hensive assessment of dyslipidemia than individual lipid 
markers [8]. Previous studies have demonstrated a strong 
association between AIP and various metabolic diseases, 
including diabetes [9], obesity [10], metabolic-associated 
fatty liver disease [11], and metabolic syndrome [12]. 
Recent studies have shown that elevated AIP is a sensitive 
indicator of early kidney injury in diabetic individuals 

[13–17]. However, a study conducted in a Chinese cohort 
found no significant association between AIP in the third 
tertile and diabetic nephropathy [18]. Clearly, the existing 
research findings are inconsistent.

Therefore, by integrating data from two public data-
bases, this study performs a cross-national comparison 
between the United States (U.S.) and Korea, two coun-
tries with distinct cultural contexts and large hetero-
geneous populations, to comprehensively examine the 
association between AIP and kidney dysfunction in dia-
betic individuals.

Materials and methods
Study participants
We conducted a cross-sectional study using data from the 
U.S. National Health and Nutrition Examination Survey 
(NHANES) from 2007 to 2018 and the Korea NHANES 
(KNHANES) 2012. Both surveys employed similar study 
designs, utilizing stratified, multi-stage cluster probabil-
ity sampling methods, and were conducted by the statis-
tical divisions of the National Centers for Disease Control 
and Prevention in the U.S. and Korea, respectively [19]. 
The study was conducted in accordance with the 1975 
Declaration of Helsinki, and written informed consent 
was obtained from all participants. As the dataset was 
anonymized to protect participant privacy, no additional 
ethical approval was required.

The exclusion criteria for the final sample analysis 
were as follows: (i) age < 20 years (NHANES, N = 25,072; 
KNHANES, N = 1,829); (ii) pregnancy (NHANES, 
N = 372; KNHANES, N = 30); (iii) missing data on UACR 
(NHANES, N = 7,636; KNHANES, N = 859); (iv) miss-
ing data on SCR (NHANES, N = 1,443; KNHANES, 
N = 163); (v) missing data on TG or HDL-C (NHANES, 
N = 13,227; KNHANES, N = 0); and (vi) absence of dia-
betes (NHANES, N = 9,706; KNHANES, N = 4,479). The 
final samples consisted of 2,386 and 698 participants, 
respectively (Fig. 1).

Exposure variable and outcome variable
The exposure variable was AIP, calculated as the loga-
rithm of the ratio of TG (mmol/L) to HDL-C (mmol/L) 
[6]. Blood lipid levels were measured using peripheral 
blood samples collected in the morning after at least 
8  h of fasting. TG concentrations were measured using 
an enzymatic method, and HDL-C was quantified using 
direct immunoassay or precipitation techniques.

Conclusion Our findings highlight a strong association between lgAIP and albuminuria in diabetic individuals. Future 
research should explore the mechanisms that underlying this relationship.

Clinical trial number Not applicable.
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The outcome variable was kidney dysfunction in 
diabetic individuals, defined as albuminuria and low-
eGFR. Diabetes was defined as meeting one or more of 
the following criteria: fasting blood glucose (FBG) ≥ 7.0 
mmol/L, 2-hour post-load glucose during an oral glucose 
tolerance test (OGTT) ≥ 11.1 mmol/L, glycated hemoglo-
bin (HbA1c) ≥ 6.5%, self-reported physician diagnosis, or 
current use of insulin or oral hypoglycemic agents [20]. 
Albuminuria was defined by UACR ≥ 30  mg/g, and low-
eGFR was defined as eGFR < 60  ml/min/1.73  m². eGFR 
was calculated using the CKD-EPI 2021 formula, as 
recommended by the National Kidney Foundation [21]. 
Compared to the older MDRD equation, the CKD-EPI 
2021 formula was developed using a more diverse popu-
lation, offering improved calibration and greater applica-
bility across different ethnic groups [22].

Covariates assessment
Based on previous studies, the following potential covari-
ates were included: age, sex, race, education level, body 
mass index (BMI), hypertension, cardiovascular disease 
(CVD), smoking status, alcohol consumption status, ala-
nine aminotransferase (ALT), and aspartate aminotrans-
ferase (AST).

Race was categorized into five groups in the NHANES 
database: Mexican Americans, other Hispanics, non-
Hispanic whites, non-Hispanic blacks, and other races 
(including multiracial). Educational attainment was cat-
egorized into three levels: less than high school, high 
school graduate, and more than high school. BMI was 
calculated as weight (kg) divided by height squared (m2). 
The American population was classified as normal weight 
(BMI < 25  kg/m²), overweight (BMI 25–29.9  kg/m²), 
and obese (BMI ≥ 30  kg/m²), while the Korean popula-
tion is defined as normal weight (BMI < 23 kg/m²), over-
weight (BMI 23–24.9 kg/m²), and obese (BMI ≥ 25 kg/m²) 
according to World Health Organization criteria [23]. 
Hypertension was defined as a self-reported diagnosis, 
a mean systolic blood pressure (SBP) ≥ 130 mmHg and/
or a mean diastolic blood pressure (DBP) ≥ 80 mmHg 

based on three separate measurements, or current use 
of antihypertensive medications [24].The presence of 
CVD was determined based on participants’ self-reports 
on the medical condition questionnaire, including coro-
nary heart disease, angina, myocardial infarction, and 
heart failure [25]. Smoking status was determined based 
on participants’ lifetime smoking history, specifically 
whether they had smoked more than 100 cigarettes [26]. 
Participants were classified as drinkers if they had con-
sumed at least 12 alcoholic beverages within a single year. 
Missing values in categorical variables were imputed 
using mode interpolation. For continuous variables with 
a normal distribution, mean interpolation was applied. 
For continuous variables with skewed distributions, 
median interpolation was used. The numbers and pro-
portions of missing covariates are presented in Supple-
mentary Table 1 (Table S1).

Statistical analysis
Since the NHANES and KNHANES data were obtained 
through multistage-clustered sampling, we incorporated 
survey weights to account for the complex sampling 
design, following the guidelines, and calculated weighted 
values for each merged dataset during the integration of 
yearly data [27]. Continuous variables were expressed 
as means with standard deviations, while categorical 
variables were reported as percentages with 95% confi-
dence intervals (Cl). Participants were stratified into four 
groups based on AIP quartiles: Q1 (≤ 25th percentile), Q2 
(> 25th to 50th percentile), Q3 (> 50th to 75th percentile), 
and Q4 (> 75th percentile). Differences among groups 
were assessed using weighted linear regression for con-
tinuous variables and weighted chi-square tests for cat-
egorical variables.

Weighted univariate logistic regression models (Model 
1) and multivariate logistic regression models (Models 2 
and 3) were used to estimate odds ratios (ORs) and corre-
sponding 95% Cls for the association between lgAIP and 
kidney dysfunction in diabetic individuals. Model 1 was 
unadjusted, while Model 2 was adjusted for age, sex, and 

Fig. 1 Flowchart of participant selection
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race. Model 3 was further adjusted for age, sex, race, edu-
cation level, BMI, ALT, AST, smoking status, alcohol con-
sumption, hypertension, and CVD. To explore potential 
non-linear relationships, generalized additive models and 
smoothed curve fitting were performed after adjusting 
for covariates. This approach provided flexibility in mod-
eling complex patterns that may not be captured by linear 
models and allowed for a more accurate representation of 
the relationship between lgAIP and kidney dysfunction 
across different ranges. To identify potential effect modi-
fiers and further explore the association between AIP 
levels and kidney dysfunction, subgroup analyses were 
conducted based on age, sex, race, BMI, CVD, and hyper-
tension. Interaction analyses were performed to examine 
the variability of associations across subgroups. The pre-
dictive performance of AIP and other lipid markers for 
kidney dysfunction was evaluated by calculating the area 
under the curve (AUC) using receiver operating charac-
teristic (ROC) curves.

Due to the skewed distribution of AIP, we performed a 
logarithmic transformation of the index before analysis. 
All statistical analyses were conducted using R software 
(version 4.2.3) and Empower Stats (version 4.2). P < 0.05 
was considered statistically significant.

Results
Baseline characteristics
Table  1 presents the weighted characteristics of partici-
pants stratified by AIP quartiles. In NHANES, covariates 
with significant differences included age, gender, race, 
BMI, CVD, AST, ALT, UACR, eGFR, and smoking sta-
tus, whereas in KNHANES, significant differences were 
observed for age, BMI, CVD, and ALT.

Association between LgAIP and albuminuria/low-eGFR
As shown in Table 2, multiple logistic regression analysis 
revealed a significant positive association between lgAIP 
and albuminuria in both the NHANES and KNHANES 
databases. Based on the smoothed curve fitting, lgAIP 
showed a positive relationship with both albuminuria 
and low-eGFR (Fig. 2).

NHANES: In the fully adjusted model (Model 3), a 
significant positive association was revealed between 
lgAIP and albuminuria (OR 7.69, 95%CI: 2.90–20.40). 
This association remained consistent across all mod-
els. Sensitivity analyses using lgAIP quartile categori-
zation demonstrated a significant positive association 
between lgAIP and albuminuria across all three models 
(p < 0.05). In the fully adjusted model, the odds of albu-
minuria significantly increased across lgAIP quartiles 
compared to Q1 (Q2: 58%; Q3: 59%; Q4: 139%), with a 
significant trend observed for each unit increase in lgAIP 
(p for trend < 0.05). However, no significant association 
was observed between lgAIP and low eGFR, regardless of 

whether lgAIP was analyzed as a continuous or categori-
cal variable.

KNHANES: A similar positive correlation was found. 
In Model 3, each one-unit increase in lgAIP was associ-
ated with a 500% increase in the odds of albuminuria (OR 
6.00, 95% CI 1.05–34.36). When lgAIP was treated as a 
categorical variable, odds ratio for albuminuria for par-
ticipants in the second, third, and fourth quartiles was 
1.09, 0.68, and 1.83, respectively, with corresponding 
95% CI of (0.57, 2.08), (0.40, 1.16), and (1.11, 3.01). The 
results showed a significant trend (p for trend < 0.05). No 
significant association was observed between lgAIP and 
low-eGFR, regardless of whether lgAIP was analyzed as a 
continuous or categorical variable.

We used receiver operating characteristic (ROC) 
curves and the area under the curve (AUC) to evaluate 
the predictive performance of AIP and other lipid mark-
ers, including LDL-C, HDL-C, and TG, for albuminuria. 
As shown in Supplementary Table 2 (Table S2), AIP dem-
onstrated a slight advantage in predicting albuminuria 
(NHANES: AUC = 0.5546; KNHANES: AUC = 0.5352). 
Due to missing LDL-C data in over 50% of the cases in 
the KNHANES database, the comparison between AIP 
and LDL-C was excluded from the analysis.

Subgroup analysis
To assess whether the results of different subgroups 
were consistent with the findings in the general popula-
tion, we conducted a subgroup analysis. Subgroup anal-
yses revealed that the association between lgAIP and 
albuminuria was most prominent among participants 
younger than 60 years, those with obesity, and hyperten-
sive individuals across all databases (p < 0.05). Interaction 
analyses showed that age and BMI significantly influ-
enced the association between lgAIP and proteinuria in 
the NHANES database. Additionally, BMI significantly 
influenced the association between lgAIP and protein-
uria in the KNHANES database (p for interaction < 0.05, 
Table 3).

Discussion
This study systematically investigated the association 
between AIP and kidney dysfunction in individuals 
with diabetes, utilizing large-scale population databases 
from the NHANES and KNHANES. Our results dem-
onstrated that lgAIP are significantly associated with 
the development of albuminuria in diabetic individuals, 
and this association remained robust even after adjust-
ing for potential confounders. Furthermore, our findings 
revealed that the relationship between lgAIP and albu-
minuria in diabetic individuals was moderated by BMI, 
with a strong positive correlation particularly observed 
among obese participants in both databases. In the 
NHANES database, the relationship was also moderated 
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Character-
istics

NHANES(2007–2018) KNHANES 2012

AIP P Value AIP P Value

Q1 Q2 Q3 
(0.06,0.26)

Q4 
(0.26,1.65)

Q1 Q2 (−0.06, 
0.16)

Q3 (0.16, 
0.36)

Q4 
(0.36,1.56)

Age (years) 60.61 61.08 59.49 56.85 < 0.0001 61.92 62.48 58.93 56.12 0.0007
Gender (%) 0.0120 0.7641
Male 46.85 48.63 54.50 60.53 52.74 50.04 57.13 53.77 
Female 53.15 51.37 45.50 39.47 47.26 49.96 42.87 46.23 
Race (%) < 0.0001
Mexican 
American

6.16 
(4.53,8.32)

10.48 
(7.59,14.30)

11.21 
(8.00,15.50)

13.00 
(9.92,16.85)

Other 
Hispanic

4.95 
(3.65,6.68)

7.65 
(5.62,10.33)

6.35
(4.64,8.64)

7.62 
(4.98,11.48)

Non-
Hispanic 
White

55.09 54.58 65.46 65.14 

Non-
Hispanic 
Black

25.56 14.98 8.46 
(6.11,11.61)

5.68 
(4.05,7.91)

Other Race 8.25 
(6.11,11.05)

12.31 
(9.18,16.31)

8.51 
(6.41,11.21)

8.57 
(5.61,12.87)

Education 
Levels (%)

0.4430 0.0766

< high 
school

20.06 22.08 24.37 22.74 56.17 55.09 55.91 45.99 

=high 
school

22.77 25.17 27.34 23.83 25.61 25.59 17.43 36.33 

> high 
school

57.17 52.74 48.29 53.43 13.65 
(8.08,22.14)

13.78 
(8.82,20.87)

23.38 12.66 
(8.21,19.03)

Unclear 4.57 
(1.46,13.43)

5.55 
(2.22,13.20)

3.28 
(1.63,6.47)

5.02 
(2.71,9.10)

BMI (kg/m2) 30.94 32.44 34.18 34.10 < 0.0001 23.92 24.80 25.43 26.70 < 0.0001
Hyperten-
sion (%)

0.3720 0.3357

No 27.07 22.09 21.36 23.62 30.05 25.91 25.47 19.57 
Yes 72.93 77.91 78.64 76.38 69.95 74.09 74.53 80.43 
CVD (%) 0.0221 0.0046
No 85.78 78.11 81.19 77.35 87.77 89.54 97.06 95.66 
Yes 14.22 21.89 18.81 22.65 12.23 

(7.90,18.46)
10.46 
(5.98,17.67)

2.94 
(1.29,6.56)

4.34 
(1.93,9.45)

Smoking 
status (%)

< 0.0001 0.2560

Yes 42.99 41.78 56.62 56.43 41.65 44.84 57.45 45.89 
No 57.01 58.22 43.38 43.57 53.77 47.36 38.99 49.09 
Unclear 4.57 

(1.46,13.43)
7.80 
(3.54,16.34)

3.56 
(1.83,6.81)

5.02 
(2.71,9.10)

Drinking 
status (%)

0.1106 0.8025

Yes 64.71 66.69 72.91 72.44 18.22 19.19 12.84 
(8.56,18.83)

16.26 

No 29.01 25.68 22.23 22.41 77.20 74.72 83.60 78.72 
Unclear 6.28 

(4.62,8.49)
7.63 
(5.22,11.02)

4.86 
(3.11,7.52)

5.15 
(3.72,7.09)

4.57 
(1.46,13.43)

6.09 
(2.60,13.59)

3.56 
(1.83,6.81)

5.02 
(2.71,9.10)

AST (U/L) 24.13 26.23 26.21 27.99 0.0008 25.19 25.97 26.46 28.51 0.5745

Table 1 Baseline characteristics of participants. Continuous variables were listed as weighted mean (95% CI). Categorical variables 
were listed as weighted percentage (95% CI). BMI, body mass index; CVD, cardiovascular disease; ALT: Alanine transaminase; AST, 
aspartate aminotransferase; eGFR, estimated glomerular filtration rate; UACR, urine albumin-to-creatinine ratio; BUN, blood Urea 
nitrogen; SCR, serum creatinine
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by age, with a strong positive association observed among 
participants under 60 years of age.

AIP, reflecting the ratio of TG to HDL-C, is an emerg-
ing lipid index for assessing atherosclerosis risk. TG is a 
conventional marker of atherosclerosis, whereas HDL-C 
is recognized for its anti-inflammatory and anti-athero-
sclerotic properties [28]. Therefore, AIP may reflect a 
balance between atherogenesis and anti-atherogenesis 

within the body. We reviewed previous studies examining 
the association between AIP and diabetes-related kidney 
disease. However, the findings were inconsistent. Several 
studies suggested that AIP could be a valuable predictor 
of albuminuria in patients with T2DM, indicating early 
kidney damage [13–17]. However, a study conducted in a 
Chinese cohort found no significant association between 
AIP in the third tertile and diabetic nephropathy [18]. 

Table 2 Association between lgAIP and albuminuria/low-eGFR. Data are presented as odds ratios, 95% confidence intervals, and 
P-value. Model 1: no covariates were adjusted. Model 2: age, sex, and race were adjusted. Model 3: age, sex, race, education level, BMI, 
ALT, AST, smoking status, alcohol consumption status, hypertension, and CVD were adjusted
Exposure NHANES KNHANES

Model 1
OR (95% CI), P value

Model 2
OR (95% CI), P value

Model 3
OR (95% CI), P value

Model 1
OR (95% CI), P value

Model 2
OR (95% CI), 
P value

Model 3
OR (95% 
CI), P value

Albuminuria
lgAIP (continuous) 5.83 (2.58, 13.15) 

0.0001
10.20 (4.01, 
25.93) < 0.0001

7.69 (2.90, 20.40) 
0.0001

3.77 (0.75, 18.86) 0.1086 5.60 (1.08, 
28.93) 0.0414

6.00 (1.05, 
34.36) 0.0460

lgAIP (categories)
Q1 Reference Reference Reference Reference Reference Reference
Q2 1.59 (1.12, 2.27) 0.0112 1.63 (1.14, 2.34) 0.0092 1.58 (1.09, 2.29) 0.0195 1.16 (0.63, 2.15) 0.6303 1.15 (0.62, 

2.12) 0.6537
1.09 (0.57, 
2.08) 0.7980

Q3 1.52 (1.09, 2.12) 0.0147 1.70 (1.21, 2.39) 0.0033 1.59 (1.12, 2.26) 0.0118 0.66 (0.40, 1.08) 0.0997 0.69 (0.43, 
1.12) 0.1394

0.68 (0.40, 
1.16) 0.1562

Q4 2.17 (1.53, 
3.08) < 0.0001

2.61 (1.80, 
3.79) < 0.0001

2.39 (1.62, 
3.53) < 0.0001

1.68 (1.03, 2.76) 0.0410 1.90 (1.18, 
3.05) 0.0092

1.83 (1.11, 
3.01) 0.0196

P for trend 0.0002 < 0.0001 0.0003 0.1185 0.0404 0.0439
Low-eGFR
lgAIP(continuous) 0.42 (0.18, 1.01) 0.0566 1.80 (0.54, 5.96) 0.3383 1.22 (0.33, 4.53) 0.7703 0.26 (0.03, 2.47) 0.2448 0.56 (0.04, 

7.97) 0.6675
2.50 (0.16, 
38.62) 0.5127

lgAIP (categories)
Q1 Reference Reference Reference Reference Reference Reference
Q2 0.93 (0.63, 1.39) 0.7352 1.08 (0.67, 1.74) 0.7529 1.02 (0.63, 1.65) 0.9344 0.71 (0.26, 1.95) 0.5089 0.62 (0.22, 

1.73) 0.3606
0.90 (0.32, 
2.51) 0.8401

Q3 0.90 (0.59, 1.38) 0.6379 1.22 (0.77, 1.95) 0.3983 1.10 (0.67, 1.81) 0.6968 0.33 (0.11, 0.99) 0.0506 0.37 (0.13, 
1.08) 0.0696

0.53 (0.18, 
1.57) 0.2542

Q4 0.67 (0.43, 1.04) 0.0801 1.18 (0.68, 2.07) 0.5597 1.05 (0.58, 1.91) 0.8722 0.70 (0.27, 1.85) 0.4772 0.99 (0.40, 
2.45) 0.9910

1.54 (0.60, 
3.97) 0.3726

P for trend 0.0739 0.4519 0.7988 0.3716 0.8272 0.5283

Character-
istics

NHANES(2007–2018) KNHANES 2012

AIP P Value AIP P Value

Q1 Q2 Q3 
(0.06,0.26)

Q4 
(0.26,1.65)

Q1 Q2 (−0.06, 
0.16)

Q3 (0.16, 
0.36)

Q4 
(0.36,1.56)

ALT (U/L) 23.39 26.59 28.55 31.41 < 0.0001 22.40 27.46 30.25 33.15 0.0007
BUN 
(mmol/L)

5.87 
(5.59,6.14)

5.71 
(5.45,5.97)

5.73 
(5.41,6.04)

5.76 
(5.44,6.07)

0.8669 5.80 
(5.51,6.10)

5.90 
(5.35,6.45)

5.49 
(5.20,5.78)

5.51 
(5.11,5.91)

0.2605

UACR 
(mg/g)

69.09 119.79 122.50 181.19 0.0091 53.19 47.44 30.56 106.62 0.1208

SCR 
(µmol/L)

85.89 82.25 82.70 84.24 0.8476 80.59 81.80 78.94 79.35 0.9466

eGFR
(ml/
min/1.73 
m2)

86.19 85.23 88.22 89.82 0.0371 87.30 87.70 90.04 91.51 0.2423

Table 1 (continued) 
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These conflicting results may stem from variations in 
lipid measurement techniques (e.g., fasting versus non-
fasting samples) and laboratory methods, resulting in 
inconsistent AIP values. Different approaches to calcu-
lating eGFR may lead to discrepancies in defining kidney 
disease. Variations in demographic characteristics, such 
as age, sex, and ethnicity, as well as differences in comor-
bidities and lipid-lowering therapies, may modify and 
confound the relationship. Therefore, our study lever-
ages a large cohort from the U.S. and the Korean popula-
tions. It provides robust evidence that elevated lgAIP is 

independently associated with an increased prevalence 
of albuminuria in diabetic individuals, even after adjust-
ing for other potential confounding factors. This research 
extends and complements previous studies, further vali-
dating AIP as a reliable marker of kidney dysfunction in 
diabetic individuals.

In our subgroup analysis, a significant association 
between lgAIP and albuminuria in diabetic individuals 
was observed only in patients with a BMI ≥ 25 kg/m2. In 
contrast, no significant association was observed in indi-
viduals with a normal BMI. Several factors may explain 

Fig. 2 The relationship between lgAIP and albuminuria/low-eGFR. Red line represents the smooth curve fit between variables. Blue lines represent the 
95% confidence interval from the fit
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this discrepancy. First, patients with a BMI ≥ 25  kg/
m2 often exhibit more pronounced metabolic distur-
bances, including insulin resistance, elevated TG lev-
els, and decreased HDL-C levels due to the synergistic 
effects of lipid metabolism and obesity. These metabolic 
abnormalities can exacerbate the negative effects of AIP 
on kidney dysfunction by promoting glomerular hyper-
filtration, inflammation, and lipid toxicity. In contrast, 
normal-weight individuals generally have a lower meta-
bolic burden, which may attenuate the direct effect of 
lipid metabolism abnormalities on kidney function, thus 

reducing statistical significance. Additionally, obesity 
may enhance the effects of AIP through intricate meta-
bolic pathways, including visceral fat accumulation and 
chronic low-grade inflammation—synergistic factors 
that are likely absent in individuals with a normal BMI. 
Despite the lack of a significant association in our study, 
previous researches have suggested that normal-weight 
individuals with dyslipidemia, particularly those classi-
fied as Metabolically Obese Normal Weight (MONW), 
may still be at an elevated risk for kidney dysfunction 
[29, 30]. In the subgroup analysis stratified by age, a 

Table 3 Association between LgAIP and albuminuria/low-eGFR in subgroups. Age, sex, race, education level, BMI, ALT, AST, smoking 
status, alcohol consumption status, hypertension, and CVD were adjusted were adjusted. In the subgroup analyses, the model is not 
adjusted for the stratification variable itself
Subgroups NHANES KNHANES

Albuminuria Low-eGFR Albuminuria Low-eGFR

OR(95%Cl) P for 
interaction

OR (95%Cl) P for 
interaction

OR (95%Cl) P for 
interaction

OR (95%Cl) P for in-
teraction

Gender 0.7936 0.6684 0.7963 0.9130
Male 6.94 (2.06, 23.44) 1.62 (0.22, 

11.82)
8.46 (0.65, 
110.11)

2.46 (0.10, 
63.52)

Female 8.71 (2.19, 34.61) 0.92 (0.17, 4.95) 5.27 (0.44, 
63.37)

1.88 (0.03, 
115.94)

Age(year) 0.0243 0.1756 0.0924 0.7013
<60 21.30 (5.75, 78.90) 6.96 (0.23, 

211.47)
75.56 (2.06, 
2765.96)

7.58 (0.00, 
12060.58)

≥ 60 3.10 (0.89, 10.74) 0.59 (0.16, 2.19) 1.75 (0.21, 
14.94)

1.61 (0.09, 
29.94)

Race 0.0690 0.0545
Mexican 
American

4.09 (0.56, 29.94) 0.32(0.00, 
23.43)

Other Hispanic 204.56 (18.49, 
2262.83)

8.40 (0.08, 
830.25)

Non-Hispanic 
White

7.77 (1.43, 42.13) 0.46 (0.08, 2.55)

Non-Hispanic 
Black

5.86 (1.11, 30.88) 14.56 (2.00, 
106.26)

Other Race 3.21 (0.50, 20.74) 11.44 (0.19, 
689.32)

BMI (kg/m2) 0.0024 0.9378 0.0429 0.6683
normal 0.88 (0.18, 4.18) 1.09 (0.08, 

15.15)
4.16 (0.14, 
122.78)

1.12 (0.06, 
22.33)

overweight 7.08 (1.69, 29.56) 1.76 (0.30, 
10.35)

0.11 (0.00, 
4.32)

0.59 (0.00, 
245.41)

obesity 27.33 (6.26, 
119.41)

1.20 (0.19, 7.39) 62.28 (2.72, 
1423.87)

14.06 (0.10, 
2065.20)

Hypertension 0.3792 0.9489 0.2346 0.7487
No 18.15 (2.34, 

140.53)
1.13 (0.09, 
13.63)

1.08 (0.03, 
43.66)

4.00 (0.07, 
221.38)

Yes 6.34 (2.09, 19.25) 1.23 (0.29, 5.31) 12.35 (1.95, 
78.11)

1.74 (0.06, 
52.85)

CVD 0.5705 0.9895 0.8007 0.5425
No 8.81 (3.03, 25.67) 1.22 (0.24, 6.11) 6.30 (0.91, 

43.60)
1.58 (0.09, 
29.19)

Yes 4.84 (0.71, 32.86) 1.21 (0.23, 6.44) 12.41 (0.10, 
1515.17)

12.45 (0.02, 
6689.15)
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notable association between AIP and albuminuria in dia-
betic individuals was identified exclusively in individu-
als under the age of 60 in the NHANES database. This 
finding indicates that the predictive capacity of AIP for 
kidney dysfunction in diabetic individuals may exhibit 
greater sensitivity and specificity within younger age 
groups. Therefore, stringent control of AIP in younger 
diabetic patients may serve as an effective preventive 
measure against the development of kidney dysfunc-
tion. The lack of a significant association between AIP 
and albuminuria in elderly diabetic individuals may be 
attributed to age-related changes in lipid metabolism, 
including increased LDL-C levels and decreased HDL-C 
levels. However, these changes tend to be more uniform 
across individuals, reducing inter-individual variability 
and potentially diminishing the impact of AIP in older 
populations. Aging is frequently associated with chronic 
low-grade inflammation, which significantly contributes 
to the decline in kidney function and may confound the 
effect of AIP on albuminuria in older diabetic individu-
als. Additionally, the widespread use of statins as a stan-
dard lipid-lowering therapy may diminish the sensitivity 
of AIP as an indicator of lipid metabolism abnormalities.

However, the exact mechanisms underlying the link 
between AIP and kidney dysfunction in diabetic individ-
uals remain poorly understood. Oxidative stress, inflam-
matory responses, endothelial dysfunction, and insulin 
resistance may underlie this biological connection. AIP 
reflects an imbalance between TG and HDL-C, with high 
TG and low HDL-C levels being characteristic of dyslip-
idemia. High TG levels contribute to the accumulation of 
lipoproteins, such as VLDL-C, in the bloodstream. These 
lipoproteins are prone to oxidation, resulting in the for-
mation of oxidized lipids, such as malondialdehyde and 
4-HNE. This process induces mitochondrial dysfunction 
in kidney cells and increases the production of reactive 
oxygen species (ROS), promoting oxidative stress [31]. 
Increased ROS can disrupt the integrity of the glomeru-
lar filtration barrier, induce podocyte apoptosis or shed-
ding, and damage renal tubular epithelial cells, impairing 
their ability to reabsorb proteins and ultimately leading 
to albuminuria in diabetic individuals [32]. ROS can also 
damage cells and tissues, leading to a pro-inflammatory 
environment [33]. High TG levels and low HDL-C lev-
els contribute to an increase in pro-inflammatory lip-
ids, such as oxidized low-density lipoprotein, within the 
renal microenvironment. This accumulation activates the 
nuclear factor κB signalling pathway through interactions 
with macrophages, triggering the release of pro-inflam-
matory cytokines, including TNF-α, IL-6, and MCP-1, 
and resulting in a chronic inflammatory state [34]. Both 
oxidative stress and inflammation are essential in the 
development of albuminuria in diabetic individuals [35]. 
In addition, elevated levels of AIP indicate a increased 

risk of atherosclerosis, which is associated with endo-
thelial cell damage through mechanisms such as reduced 
bioavailability of nitric oxide (NO) and increased oxida-
tive stress [36]. Endothelial dysfunction disrupts the glo-
merular filtration barrier, leading to proteinuria and the 
progression of kidney disease [37]. AIP is strongly associ-
ated with insulin resistance, a key feature of T2DM [9]. 
Insulin resistance exacerbates hyperglycemia, promotes 
the release of free fatty acids, and consequently worsens 
lipid metabolism abnormalities. The interaction between 
insulin resistance and lipid abnormalities accelerates the 
development of kidney dysfunction in diabetic individu-
als by inducing podocyte damage, mesangial dilation, and 
extracellular matrix deposition.

Our study suggests that AIP may serve as a novel bio-
marker for clinicians to assess kidney dysfunction in 
diabetic individuals. This research highlights the signifi-
cance of monitoring lipid profiles, especially in obese dia-
betic individuals aged under 60 years, as AIP can serve 
as an effective indicator for assessing kidney dysfunction 
in diabetic individuals in this specific population. Identi-
fying elevated AIP serves as an early warning for timely 
intervention, potentially aiding in preventing kidney dys-
function in diabetic individuals through proactive lipid 
management.

Strengths and limitations
This study offers several strengths. First, we employed 
two large, representative population databases from the 
U.S. and Korea, thereby improving the generalizability of 
our findings. Second, through stratification and subgroup 
analysis, we examined the association between AIP and 
kidney dysfunction in diabetic individuals, identifying 
specific populations in which the association was signifi-
cant. However, this study has several limitations. First, as 
a cross-sectional observational study, it does not establish 
a causal relationship. Second, although we accounted for 
various covariates, potential confounding factors, such as 
differences in healthcare access, genetic predispositions, 
and measurement errors (e.g., self-reported diabetes 
diagnoses) may still influence the observed relationship. 
Future prospective longitudinal studies should be con-
ducted to explore the biological mechanisms underlying 
the observed associations, and explore interventions that 
can modulate AIP levels.

Conclusions
The findings of this study clearly demonstrate a robust 
positive correlation between lgAIP and albuminuria 
in diabetic patients. Notably, this relationship persists 
whether lgAIP is regarded as a continuous variable or 
divided into quartiles. This research offers a crucial 
means for the early detection of kidney dysfunction 
among diabetic individuals. In the future, prospective 
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longitudinal studies are essential. By conducting such 
studies, we can delve into the underlying biological 
mechanisms of the observed associations. This explora-
tion will not only deepen our understanding of these 
relationships but also offer a more comprehensive view 
of the significance of this study, potentially guiding more 
targeted research and clinical interventions.

Abbreviations
AIP  Atherogenic index of plasma
DM  Diabetes mellitus
U.S.  United States
CVD  Cardiovascular disease
NHANES  National Health and Nutrition Examination Survey
KNHANES  Korea National Health and Nutrition Examination Survey
TG  Triglyceride
HDL-C  High-density lipoprotein cholesterol
LDL-C  Low-density lipoprotein cholesterol
UACR  Urine albumin-to-creatinine ratio
eGFR  Estimated glomerular filtration rate
BMI  Body mass index
ALT  Alanine aminotransferase
AST  Aspartate aminotransferase
SBP  Systolic blood pressure
DBP  Diastolic blood pressure
BUN  Blood urea nitrogen
SCR  Serum creatinine
CI  Confidence intervals
OR  Odds ratios
AUC  Area under the curve
ROC  Receiver operating characteristic
ROS  Reactive oxygen species

Supplementary Information
The online version contains supplementary material available at  h t t p  s : /  / d o i  . o  r 
g /  1 0 .  1 1 8 6  / s  1 2 9 0 2 - 0 2 5 - 0 1 9 2 5 - 0.

Supplementary Material 1

Acknowledgements
The authors would like to thank the staff and participants associated with the 
NHANES and KNHANES studies for their significant contributions.

Author contributions
L.L.Z. conducted database search, prepared extracted data for NHANES and 
KNHANES databases, and was mainly responsible for writing this paper. T.S.L. 
and Y.S.participated in the processing and analysis of the data. S.Y.S. and 
Y.T provided language polishing for the article. X.Q.Z, J.Y.Y. and Q.H.Y jointly 
supervised the study. All authors contributed to the article and approved the 
submitted version.

Funding
This study was supported by grants from National Natural Science 
Foundation’s Excellent Youth Fund of China (Grant No. 82004286), Science 
and Technology Support Program of Jiangsu Province (ZT202206), and 
Postgraduate Research and Practice Innovation Program of Jiangsu Province 
(SJCX23_0873).

Data availability
Publicly available datasets were analyzed in this study. The data can be found 
on the NHANES official website at  h t t p :   /  / w w  w . c  d  c .  g  o v  / n c   h s  / n h a  n e s . h t m 
and on the Korea Disease Control and Prevention Agency (KDCA) website at 
https://knhanes.kdca.go.kr.

Declarations

Ethics approval and consent to participate
The studies involving human participants were reviewed and approved by 
National Center for Health Statistics Institutional Review Board. KNHANES 
was approved by Institutional Review Board of Korea Disease Control and 
Prevention Agency(2012-01EXP-01–2 C). All participants provided their written 
informed consent to participate in this study.

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests.

Author details
1Department of Endocrinology, Jiangsu Province Hospital of Chinese 
Medicine, Affiliated Hospital of Nanjing University of Chinese Medicine, 
Nanjing, China
2The First Clinical Medical College, Nanjing University of Chinese 
Medicine, Nanjing, China

Received: 25 October 2024 / Accepted: 7 April 2025

References
1. Ong KL, Stafford LK, McLaughlin SA, Boyko EJ, Vollset SE, Smith AE, et al. 

Global, regional, and National burden of diabetes from 1990 to 2021, with 
projections of prevalence to 2050: a systematic analysis for the global burden 
of disease study 2021. Lancet. 2023;402:203–34.

2. American Diabetes Association Professional Practice Committee, ElSayed 
NA, Aleppo G, Bannuru RR, Bruemmer D, Collins BS, et al. 11. Chronic kidney 
disease and risk management: standards of care in Diabetes—2024. Diabetes 
Care. 2024;47:S219–30.

3. Dal Canto E, Van Der Elders PJM, Van Ballegooijen AJ, Lissenberg-Witte BI, 
Rutters F, et al. Kidney function measures and cardiovascular outcomes in 
people with diabetes: the Hoorn diabetes care system cohort. Diabetologia. 
2023;66:482–94.

4. Jiang W, Wang J, Shen X, Lu W, Wang Y, Li W, et al. Establishment and 
validation of a risk prediction model for early diabetic kidney disease based 
on a systematic review and Meta-Analysis of 20 cohorts. Diabetes Care. 
2020;43:925–33.

5. Han Y, Du B, Zhu X, Wang Y, Zheng H, Liu W. Lipid metabolism disorder in 
diabetic kidney disease. Front Endocrinol. 2024;15:1336402.

6. Dobiás ̆ová M, Frohlich J. The plasma parameter log (TG/HDL-C) as an athero-
genic index: correlation with lipoprotein particle size and esterification rate 
inapob-lipoprotein-depleted plasma (FERHDL). Clin Biochem. 2001;34:583–8.

7. Zhang Y, Luo S, Gao Y, Tong W, Sun S. High-Density lipoprotein subfractions 
remodeling: A critical process for the treatment of atherosclerotic cardiovas-
cular diseases. Angiology. 2024;75:441–53.

8. Fernández-Macías JC, Ochoa-Martínez AC, Varela-Silva JA, Pérez-Maldonado 
IN. Atherogenic index of plasma: novel predictive biomarker for cardiovascu-
lar illnesses. Arch Med Res. 2019;50:285–94.

9. Yin B, Wu Z, Xia Y, Xiao S, Chen L, Li Y. Non-linear association of atherogenic 
index of plasma with insulin resistance and type 2 diabetes: a cross-sectional 
study. Cardiovasc Diabetol. 2023;22:157.

10. Zhu X, Yu L, Zhou H, Ma Q, Zhou X, Lei T, et al. Atherogenic index of plasma 
is a novel and better biomarker associated with obesity: a population-based 
cross-sectional study in China. Lipids Health Dis. 2018;17:37.

11. Chen Y, Lu C, Ju H, Zhou Q, Zhao X. Elevated AIP is associated with the preva-
lence of MAFLD in the US adults: evidence from NHANES 2017–2018. Front 
Endocrinol. 2024;15:1405828.

12. Li Y, Kao T, Chang P, Chen W, Wu L. Atherogenic index of plasma as predic-
tors for metabolic syndrome, hypertension and diabetes mellitus in Taiwan 
citizens: a 9-year longitudinal study. Sci Rep. 2021;11:9900.

13. Li H, Miao X, Zhong J, Zhu Z. Atherogenic index of plasma as an early marker 
of chronic kidney disease and liver injury in type 2 diabetes. Clin Med 
Insights: Endocrinol Diabetes. 2024;17:11795514241259741.

https://doi.org/10.1186/s12902-025-01925-0
https://doi.org/10.1186/s12902-025-01925-0
http://www.cdc.gov/nchs/nhanes.htm
https://knhanes.kdca.go.kr


Page 11 of 11Zhu et al. BMC Endocrine Disorders          (2025) 25:105 

14. Qi L, Kang N, Chen X, Li Z, Deng C, Chen S. Predictive value of plasma athero-
genic index for microalbuminuria in newly diagnosed patients with type 2 
diabetes mellitus. Diabetes Metab Syndr Obes: Targets Ther. 2022;15:1245–52.

15. Zhang J, Liu C, Peng Y, Fang Q, Wei X, Zhang C, et al. Impact of baseline and 
trajectory of the atherogenic index of plasma on incident diabetic kidney 
disease and retinopathy in participants with type 2 diabetes: a longitudinal 
cohort study. Lipids Health Dis. 2024;23:11.

16. Yan H, Zhou Q, Wang Y, Tu Y, Zhao Y, Yu J, et al. Associations between cardio-
metabolic indices and the risk of diabetic kidney disease in patients with 
type 2 diabetes. Cardiovasc Diabetol. 2024;23:142.

17. Akbas EM, Timuroglu A, Ozcicek A, Ozcicek F, Demirtas L, Gungor A, et al. 
Association of uric acid, atherogenic index of plasma and albuminuria in 
diabetes mellitus. Int J Clin Exp Med. 2014;7:5737–43.

18. Li Z, Huang Q, Sun L, Bao T, Dai Z. Atherogenic index in type 2 diabetes and 
its relationship with chronic microvascular complications. Int J Endocrinol. 
2018;2018:1–9.

19. Kweon S, Kim Y, Jang M-j, Kim Y, Kim K, Choi S, et al. Data resource profile: 
the Korea National health and nutrition examination survey (KNHANES). Int J 
Epidemiol. 2014;43:69–77.

20. American Diabetes Association Professional Practice Committee, ElSayed 
NA, Aleppo G, Bannuru RR, Bruemmer D, Collins BS, et al. 2. Diagnosis and 
classification of diabetes: standards of care in Diabetes—2024. Diabetes Care. 
2024;47:S20–42.

21. Miller WG, Kaufman HW, Levey AS, Straseski JA, Wilhelms KW, Yu HY, Elsie. 
National kidney foundation laboratory engagement working group recom-
mendations for implementing the CKD-EPI 2021 Race-Free equations for esti-
mated glomerular filtration rate: practical guidance for clinical laboratories. 
Clin Chem. 2022;68:511–20.

22. Umeukeje EM, Koonce TY, Kusnoor SV, Ulasi II, Kostelanetz S, Williams AM et 
al. Systematic review of international studies evaluating MDRD and CKD-
EPI estimated glomerular filtration rate (eGFR) equations in Black adults. 
Jandeleit-Dahm K, editor. PLOS One. 2022;17:e0276252.

23. Appropriate body-mass. Index for Asian populations and its implications for 
policy and intervention strategies. Lancet. 2004;363:157–63.

24. Whelton PK, Carey RM, Aronow WS, Casey DE, Collins KJ, Dennison Himmel-
farb C, et al. 2017 ACC/AHA/AAPA/ABC/ACPM/AGS/APhA/ASH/ASPC/NMA/
PCNA guideline for the prevention, detection, evaluation, and management 
of high blood pressure in adults: A report of the American college of cardiol-
ogy/american heart association task force on clinical practice guidelines. 
Hypertension. 2018;71(6):e13–115.

25. Xu C, Liang J, Xu S, Liu Q, Xu J, Gu A. Increased serum levels of aldehydes 
are associated with cardiovascular disease and cardiovascular risk factors in 
adults. J Hazard Mater. 2020;400:123134.

26. Chambers DM, Ocariz JM, McGuirk MF, Blount BC. Impact of cigarette smok-
ing on volatile organic compound (VOC) blood levels in the U.S. Population: 
NHANES 2003–2004. Environ Int. 2011;37:1321–8.

27. Johnson CL, Paulose-Ram R, Ogden CL, Carroll MD, Kruszon-Moran D, 
Dohrmann SM et al. National health and nutrition examination survey: 
analytic guidelines, 1999–2010. Vital Health Stat 2 Data Eval Methods Res. 
2013;1–24.

28. Denimal D. Antioxidant and Anti-Inflammatory functions of High-Density 
lipoprotein in type 1 and type 2 diabetes. Antioxidants. 2023;13:57.

29. Ge Z, Guo X, Chen X, Zhang J, Yan L, Tang J, et al. Are microalbuminuria and 
elevated 24 H urinary microalbumin excretion within normal range associ-
ated with metabolic syndrome in Chinese adults?? Sun Q, editor. PLoS ONE. 
2015;10:e0138410.

30. Lee S-H, Kim H-S, Park Y-M, Kwon H-S, Yoon K-H, Han K, et al. HDL-Cholesterol, 
its variability, and the risk of diabetes: A nationwide Population-Based study. J 
Clin Endocrinol Metab. 2019;104:5633–41.

31. Vekic J, Stromsnes K, Mazzalai S, Zeljkovic A, Rizzo M, Gambini J. Oxidative 
stress, atherogenic dyslipidemia, and cardiovascular risk. Biomedicines. 
2023;11:2897.

32. Tang G, Li S, Zhang C, Chen H, Wang N, Feng Y. Clinical efficacies, under-
lying mechanisms and molecular targets of Chinese medicines for 
diabetic nephropathy treatment and management. Acta Pharm Sin B. 
2021;11:2749–67.

33. Afzal S, Abdul Manap AS, Attiq A, Albokhadaim I, Kandeel M, Alhojaily SM. 
From imbalance to impairment: the central role of reactive oxygen species 
in oxidative stress-induced disorders and therapeutic exploration. Front 
Pharmacol. 2023;14:1269581.

34. Dąbkowski K, Kreft E, Sałaga-Zaleska K, Chyła-Danił G, Mickiewicz A, Gruchała 
M, et al. Human in vitro oxidized Low-Density lipoprotein (oxLDL) increases 
urinary albumin excretion in rats. Int J Mol Sci. 2024;25:5498.

35. Młynarska E, Buławska D, Czarnik W, Hajdys J, Majchrowicz G, Prusinowski F, et 
al. Novel insights into diabetic kidney disease. Int J Mol Sci. 2024;25:10222.

36. Qin M, Chen B. Association of atherogenic index of plasma with cardiovascu-
lar disease mortality and all-cause mortality in the general US adult popula-
tion: results from NHANES 2005–2018. Cardiovasc Diabetol. 2024;23:255.

37. Zhang A, Fang H, Chen J, He L, Chen Y. Role of VEGF-A and LRG1 in abnor-
mal angiogenesis associated with diabetic nephropathy. Front Physiol. 
2020;11:1064.

Publisher’s note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations.


	Association of atherogenic index of plasma with kidney dysfunction in diabetic individuals: findings from two national population-based studies
	Abstract
	Introduction
	Materials and methods
	Study participants
	Exposure variable and outcome variable
	Covariates assessment
	Statistical analysis

	Results
	Baseline characteristics
	Association between LgAIP and albuminuria/low-eGFR
	Subgroup analysis

	Discussion
	Strengths and limitations

	Conclusions
	References


